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ABSTRACT 
Multimedia applications are expected to form the largest portion 
of workload in general purpose PC and portable devices. The 
ever-increasing computation intensity of multimedia applications 
elevates the processor temperature and consequently impairs the 
reliability and performance of the system. In this paper, we 
propose to perform dynamic thermal management using 
reinforcement learning algorithm for multimedia applications. The 
proposed learning model does not need any prior knowledge of 
the workload information or the system thermal and power 
characteristics. It learns the temperature change and workload 
switching patterns by observing the temperature sensor and event 
counters on the processor, and finds the management policy that 
provides good performance-thermal tradeoff during the runtime. 
We validated our model on a Dell personal computer with Intel 
Core 2 processor. Experimental results show that our approach 
provides considerable performance improvements with marginal 
increase in the percentage of thermal hotspot comparing to 
existing workload phase detection approach. 

Categories and Subject Descriptors 
C.4 [Perfomance of Systems]: Reliability, availability, and 
serviceability 

General Terms 
Algorithms, Management, Performance 

Keywords 
Dynamic thermal management, reinforcement learning, 
multimedia application 

1. INTRODUCTION 
The ever-increasing computation demands and escalating 
computation speed significantly increase the power consumption 
and operating temperature of current computing systems. Current 
CMOS technology already hits the “power wall” which blocks the 
performance improvement of a chip and limits the growth of its 
clock frequency due to the high temperature.  Elevated peak 
temperatures also reduce life-time of the chip, deteriorate its 
performance, affect the reliability [10] and increase the cooling 
cost.  
_____________________________________ 
* This material is based upon work supported by the National 
Science Foundation under Grant No. CNS-0845947 

 
Dynamic Thermal Management (DTM) techniques have been 
widely studied and employed to control the temperature for 
different computing platforms, from servers [9], general purpose 
computers [10], to embedded systems [17]. These works consider 
applications of various characteristics, including web applications 
[6], standard benchmarks [5][7] and multimedia applications 
[11][16]. Among these, multimedia applications are expected to 
form the largest portion of workload in general purpose personal 
computers and portable computing devices like smart phones [11]. 
In spite of their popularity, the computation intensity of 
multimedia applications is likely to produce high temperature in 
these platforms [16]. A thermal safe solution is to run the 
applications at lower speed or reduce the computation by 
decreasing the quality of service (QoS). However these solutions 
impact the user satisfactory.  
In this paper, we consider the problem of dynamic thermal 
management for multimedia applications. We utilize the 
processor’s dynamic voltage and frequency scaling (DVFS) 
ability to control the operating temperature under a threshold 
while maximizing the system performance, i.e. minimizing the 
CPU time of the multimedia applications. Our DTM technique 
does not require to pre-characterize the system for its thermal and 
power model neither does it need any prior knowledge of the 
workload information. It relies on machine learning algorithms to 
find the best management policy during the runtime. Compared to 
the existing DTM techniques [5][11] it provides considerable 
performance improvements with marginal increase in the 
percentage of thermal hotspot. 
We model the dynamic thermal management problem as a 
stochastic control process and adopt the reinforcement learning 
algorithm to find the optimum policy during runtime. We consider 
the processor’s DTM controller as a learning agent and model the 
rest of the system, e.g. the operating temperature, the hardware 
and the application status as the environment. After the learning 
agent, i.e. the DTM controller, takes an action (i.e. switching to a 
new operating frequency), it observes the environment and 
estimates the reward or penalty caused by this action. The agent 
learns from this experience and tries to improve its future action 
selections to maximize the reward (or minimize the penalty).   
Most of the multimedia applications such as MPEG movie clips or 
MP3 files are naturally arranged into frames. The computation 
load of processing each frame has high temporal correlation. We 
exploit this property and perform the learning based DTM at a 
single frame granularity. The application status is characterized by 
its frame level computation load which can be obtained from the 
processor’s performance counter.  
The characteristics of the proposed work are summarized as the 
following:  
• This is the first work that applies reinforcement learning 

algorithm to solve the problem of dynamic thermal 
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management. The proposed approach is truly adaptive. The 
learning agent does not require having any prior knowledge 
of the environment or the system power/thermal 
characteristics. It learns from the experience and adjusts the 
policy online. Therefore, it works robustly in different 
computing systems.  

• The proposed learning algorithm explores the frame level 
temporal correlation in multimedia applications. The 
environment observation and policy adaptation are 
performed at single frame granularity. 

• The proposed learning model has very small run time 
overhead. It only incurs a few table lookups and some simple 
arithmetic operations. 

• Instead of simply minimizing the thermal violation, our goal 
is to maximize the performance without increasing the 
thermal violation. 

• The proposed learning model is validated on a Dell 
Dimension 9200 desktop PC with Intel Core 2 processor. All 
the experimental results data reported in this paper are 
gathered with the consideration of the real implementation 
and control overhead.  

• Compared to running the application without dynamic 
thermal management and the existing DTM techniques that 
utilize the same event counter information, the learning 
based DTM provides better performance-thermal tradeoff.   

The rest of the paper is organized as follows: Section 2 reviews 
the related work. We discuss how to apply the reinforcement 
learning model in detail in Section 3. Experimental results are 
reported in Section 4.  Finally, we conclude the paper in Section 
5. 

2. RELATED WORKS 
Dynamic thermal management (DTM) has been studied for 
different types of applications from general purpose industry 
standard benchmarks to multimedia applications. Reference [5] 
and [7] focus on thermal management techniques for SPEC 
benchmarks. The authors of [7] propose to dynamically adapt 
some micro-architecture parameters, such as instruction window 
size, issue width, and fetch gating level, to the application 
characteristics and hence control the processor temperature. The 
authors of [5] propose to utilize the processor’s performance 
counter readings to detect the phase changes of application at run 
time and adjust the operating frequency accordingly to avoid 
thermal violations. Both these works perform the thermal 
management at a regular time interval. Although this is effective 
for standard benchmarks, as we will show in Section 3.2, it might 
not be the same for multimedia applications. 
There have also been a number of studies of thermal management 
for multimedia applications. Reference [16] proposes to profile 
the number of cycles to decode each frame. With this information 
and a temperature prediction model, an operating frequency is 
selected for a group of frames to guarantee the QoS while 
minimizing the temperature. Our work is different from [16] as 
we try to maximize performance while stratifying the thermal 
constraint. The thermal management scheme in [11] is based on 
the observation that the same type of frames has similar average 
IPC and power consumption, so the same configuration is applied 
to these frames.  
One common drawback for the aforementioned works is that they 
rely on certain system models or profiled information. For 
example, [7] utilizes a neural network model to predict future 

temperature for a set of architecture parameters and application 
characteristics while [5] uses a linear regression model to predict 
future temperature. Even though those prediction models are 
carefully characterized, they suffer from lack of adaptability. 
Once the model has been trained or obtained, it cannot be 
modified. Any change in the system or environment (e.g. room 
temperature variation, chip aging) will invalidate the model and 
thus hit the performance of the thermal management scheme.  
Model free online learning techniques should be a solution to this 
problem. Previous work [13] has successfully applied the online 
learning model to dynamic power management (DPM) problems, 
but few works have applied the learning techniques to the DTM 
problem. 

3. REINFORCEMENT LEARNING FOR 
THERMAL MANAGEMENT 
In this section, we will first give the formulation of Q-learning in 
its standard form in Section 3.1 and then discuss how to apply this 
technique to the thermal management problem in Sections 
3.2~3.5. 

3.1 The Reinforcement Learning Model 
Reinforcement learning [12] is an unsupervised machine 
intelligence approach that has been applied in many different 
areas. The general learning model consists of  
• An agent, with a finite action set A. 
• The environment that has a finite state space S. The actions 

of the agent will affect the future states of the environment, 
which in turn affects the options and opportunities available 
to the agent at later times. 

• A policy π that defines the behavior of the learning agent at 
any given time. It is a mapping from the set of environment 
states to the set of actions, i.e. π: S ՜ A.  

• A reward function r: S × A ՜  R which maps each state-
action pair to a single real number, (R is the real number set). 
A reward indicates the intrinsic desirability of taking an 
action at one particular state. 

The process of reinforcement learning is divided into multiple 
decision steps. We refer to each decision step as decision epoch. 
At each decision epoch, the agent takes an action according to 
current environment state. It then observes the environment for 
the reward/penalty caused by this action. The goal of the agent is 
to maximize the average long-term reward by trial-and-error 
interaction with a dynamic environment. It is achieved by learning 
the policy π, i.e. a mapping between the states and the actions. 
The agent might not select the optimum action at beginning, but 
its performance can be improved over time. 
The Q-learning algorithm is one of the most popular 
reinforcement learning algorithms. In Q-learning, the agent keeps 
a value function ܳగሺݏ, ܽሻ, ݏ א ,ࡿ ܽ א  for each state-action pair ,
and stores it in a Q-table. The value function represents the 
expected long-term reward if the system starts from state s, taking 
action a, and thereafter following policy π. Based on this value 
function, the agent decides which action should be taken in 
current state to achieve the maximum long-term rewards. An 
optimum policy כ࣊ is a policy which achieves the maximum value 
function denoted as ܳכ, i.e. ܳכ ൌ ܳగכሺݏ, ܽሻ ൌ maxగ ܳగሺݏ, ܽሻ.  ܳሺݏ௧, ܽ௧ሻ ՚  ܳሺݏ௧, ܽ௧ሻ  ൈߙ ቂݎ௧ାଵ  ߛ ൈ max ܳሺݏ௧ାଵ, ܽሻ െ ܳሺݏ௧, ܽ௧ሻቃ 
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The core of the Q-learning algorithm is to iteratively update the 
value function ܳగሺݏ, ܽሻ as above [13]. In this equation, ߙ is the 
learning rate which determines how fast the Q value will adapt. 
The discounted factor ߛ is between 0 and 1. 

3.2   Frame Based Decision Epoch 
How frequent an agent observes its environment, updates the 
policy and issues DTM command is determined by the length of 
the decision epoch. An appropriate decision epoch can help the 
system to learn and control effectively. Within a decision epoch, 
the system should have consistent behavior. Across multiple 
decision epochs, the system behavior should exhibits repeated 
patterns. Here we define a workload phase to be an execution 
interval during which the application has near identical power, 
temperature and performance characteristics [5]. It is obvious that 
the workload phase of an application determines the decision 
epoch of its DTM agent.  

 
Figure 1 Variation of retired instructions for every 10 and 5 
ms for MPEG4 decoder 

 
Figure 2 Variation of retired instructions at frame granularity 
For a multimedia application, the decision epoch can be divided in 
two ways: frame based decision epoch and equal time step 
decision epoch. An equal time step decision epoch at the 
granularity of 100 ms has been used for the DTM of SPEC 
CPU2006 benchmarks [5]. This is because the workload phase 
change of the applications in SPEC CPU2006 benchmarks can be 
detected at this granularity. (Those applications will stay in the 
same workload phase for several to tens of seconds before moving 
to next phase [5].) However, the same equal time step decision 
epoch is not suitable for multimedia applications. Figure 1 shows 
a segment of trace of retired instructions for the MPEG4 decoder 
from the MediaBench [1]. The upper part and lower part of the 
figure show at time interval of every 10 ms and every 5 ms 
respectively. The number of retired instructions has been reported 

as one of the architectural events that contribute most for the 
temperature change [5]. From this figure, we can see that 
instruction retired number is constantly vibrating and does not 
show obvious phase change. This is because equal time epoch 
smoothes out the inner workload phase change of the application. 
On the other hand, Figure 2 demonstrates the trace of the retired 
instructions every frame for a total of about 200 frames. As shown 
in this figure, phase change can be clearly observed with a regular 
pattern. Therefore in this work we choose frame based learning 
epoch. 

3.3 Interactions Between Agent and 
Environment 
Figure 3 presents the system model of our learning based DTM 
agent. The actions that the agent takes are the available frequency 
levels of the processor. At each decision epoch, the agent observes 
the current state of the environment and chooses the frequency 
level for the next frame according to the Q-values in the Q-table. 
The Intel’s speedstep technology [2] or AMD’s PowerNow 
technology [3] can be used to dynamically switch the voltage and 
frequency of a processor. 

 
Figure 3 System model  
Everything outside the agent is considered as environment, 
including the processor, the applications and the thermal 
monitoring system (thermal sensors). The environment and the 
agent are closely coupled. For instance, the power consumption of 
the processor is linearly dependent on the operating frequency, 
which in turn determines the processor’s temperature. As another 
example, because the agent only changes the clock frequency of 
the processor not the clock frequency of the memory subsystem, 
its actions will affect the instruction per cycle (IPC) of the system.   
On the other hand, the environment status limits the agent’s 
actions in some cases by changing the reward/penalty value. For 
example, the agent is not allowed to run at full speed when the 
processor is approaching the temperature threshold.  

3.4 Classification of Environment States 
The environment can be characterized by many features, from the 
temperature and the power consumption of the processor, to the 
cache miss rate and IPC. The learning agent works under a 
discrete state space. How to map this huge and sometimes 
continuous feature space into a finite set of discrete state space 
has direct impact to the effectiveness of the learning algorithm. 
Here, two problems are involved.1) Which features should be 
selected to represent the environment; 2) How to discretize the 
selected feature space into the state space.  
The rules of thumb of selecting features to represent the 
environment are: first, those features should closely relate to our 
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problem, i.e. performance optimization with thermal constraint; 
second, they could be observed easily. 
It is obvious that the processor’s temperature should be one of the 
features to represent the environment state as it is directly related 
to our optimization problem.  This information can be obtained by 
reading the temperature sensors that are equipped on most state-
of-the-art processors. 
We may also want to use the processor power consumption as one 
of the features for environment state, because it directly 
contributes to the temperature change of the processor. 
Unfortunately, this information is not easy to obtain. Therefore, 
we decided to use the readings of performance counters as a proxy 
for the power consumption as they reflect the processor’s 
switching activities. Besides power consumption, the performance 
counter readings, such as the execution cycles, instruction retired 
rate and cache miss rate, etc., also reflect the performance of the 
application programs, which is what we want to optimize.  
Our test platform, the Intel’s Core 2 Duo processor has 5 
performance counters which could record 130 architectural events 
[4]. Among them, we select those events that contribute most to 
the temperature change and are most relevant to the system 
performance. Reference [5] utilizes the principle component 
analysis to find the contribution of each architectural event to the 
temperature change and suggests that 3 of them, i.e. the 
“instruction retired” event, the “floating point instructions 
executed” event and the “conditional instructions executed” event, 
play the most important roles in temperature change. However, 
our analysis shows that, for a typical multimedia application such 
as an MPEG-4 decoder, the variation of floating point instructions 
executed among different frames is very small. We also found that 
the number of conditional instructions executed has high 
correlation with the number of retired instructions and thus does 
not provide much additional information.   
We analyzed the correlations between different events and retired 
instructions that were recorded during an MPEG decoding 
process. Table I gives the selected results. The results indicate that 
the “last level cache miss” event has the least correlation with the 
“instruction retired” event and hence provides the most additional 
information about the system. Therefore we use the “last level 
cache miss” event together with the “instruction retired” event to 
represent the environment state. The former represents the 
memory activities while the latter specifies the computation 
activities. Combined together they provide a complete picture of 
the system. This choice also agrees with what is suggested in 
reference [8].   
Table I Correlation between different events and retired inst. 

UOPS 
RETIRED 

BR_INST 
RETIRED 

BR_CND 
EXEC 

FP_INST 
EXEC 

BUS _MEM
TRANS 

LAST_LEVEL
$_MISS 

0.997 0.977 0.964 0.763 0.762 0.669 

Based on the above analysis, we will use the feature set ሺܶ,  ሻ toࡼ
characterize the environment, where T is the reading from the 
thermal sensors and ࡼ  is a vector of selected event counter 
readings. In the next, we will discuss how to map the feature 
space into a finite state space to apply the reinforcement learning 
model. 
Note that T can be any real number within the working range, 
usually from 0oC ~ 100oC. Because it is a continuous variable, we 
have to discretize it to get a finite set of states. We divide the 
temperature working range into a set of disjoint intervals, i.e. ሺ0, ܶሿ, ( ܶ, ଵܶሿ, ( ଵܶ, ଶܶሿ, … , ሺ ேܶିଵ, ேܶ ൌ ௧ܶ௦ௗሿ, ሺ ேܶ, ∞ሻ, 

each interval ሺ ܶିଵ, ܶሿ corresponds to a state ܶ . Note that the 
(N+1)th interval covers all temperatures beyond the threshold. 
Although the temperature level ܶ, … ேܶିଵ can be set arbitrarily,  
we would divide the region near the threshold temperature in finer 
granularity while leave the other region in coarse granularity. In 
this way when the temperature is approaching the threshold, the 
agent might take better control at finer resolution.  
In order to classify the space of the event counter readings (i.e. P) 
we use the k-means clustering method as in [5]. We took 5 
representative video clips and collect the retired instructions 
number and cache miss number for each frame, and classify them 
by the standard k-means algorithm [14]. To find the optimum 
number of states (i.e. number of clusters), we start from a small 
number and gradually increase it until the classification error is 
less than 5%, which is defined as the ratio between square sum of 
all points’ within cluster distance and the square sum of their 
distance to the origin. Based on k-means clustering, we divide the 
event counter values into K states ሼ ܲ, ڮ , ܲିଵሽ. Together with 
the N temperature states, the size of the resulting learning space is 
|N|×|K|. In our implementation, we set N=11 and K=10. 

3.5 Design of the Reward Function 
The state of the ith decision epoch is denoted as (Ti, pi), where Ti 
give the temperature at the beginning of the ith epoch and pi gives 
the number of cache misses and the number of instruction retired 
during the ith epoch. The action taken by the agent during the ith 
epoch is denoted as ai. At the end of the ith epoch (or the 
beginning of the (i+1)th epoch, the agent calculates the reward 
caused by the action and update the Q-function of state action pair 
(Ti, pi, ai),The reward function is defined as the following: 

,൫ሺܶݎ ,ሻ ܽ൯ ൌ  ቐ െܲܶ,   ݂݅ ܶାଵ ൌ ܰ  ܣ 1 · ିଵ൯൫ݐݏ݊ܫ · ܤ൫ܽ൯ݍ݁ݎܨ · ܶାଵ,   ݂݅ ܶାଵ ് ܰ  1   
where Ti+1 is the temperature state at the end of the ith epoch (or 
the beginning of the (i+1)th epoch), Inst(pi) is the number of 
retired instructions, Freq(ai) is the processor frequency selected 
by action ai, and state (N+1) is the temperature state that covers all 
temperatures beyond the threshold. In this function, P, A and B are 
constants. The upper part of the reward function is the thermal 
violation penalty, which is a negative number. If at the end of the 
ith epoch, we reach a thermally unsafe state (i.e. Ti+1 = N+1), then 
a negative reward will be received. A negative reward will 
decrease the Q-value of state action pair (Ti, pi, ai) so that this 
action will be avoided at this state in the future.  
The lower part of the reward function is used when the system is 
thermally safe at the end of the ith epoch. In this scenario, we 
would like to increase the performance of the system. The first 
part of the reward function is the performance. We use the product 
of the number of retired instructions and the processor frequency 
to represent the performance reward.  This encourages the agent 
to select high frequency for frames with high computation 
demand. The intuition behind this is that use high frequency for 
complex frames can reduce more execution time than using it for 
simple frames. The second part of the reward function represents 
the thermal award. The parameters A and B provide tradeoff 
between temperature and performance.  

4. EXPERIMENTAL RESULTS 
4.1 Experiment Setups 
We carried out our experiments on a Dell Dimension 9200 
desktop with Intel Core 2 Duo E6400 processor which has 2MB 
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L2 cache and 1333 MHz FSB. The proce
frequency levels: 267 MHz, 533 MHz, 800 MH
GHz, 1.63 GHz, 1.87 GHz and 2.13 GHz. The o
Fedora 11 with Linux kernel 2.6.29. 
To monitor the temperature change of the proces
thermal sensors available in each core [15]. Th
in the Linux kernel generates an interface un
platform/coretemp.[X] directory (X is the index 
the current temperature will be reported when th
is read each time. The default driver only up
readings once every 1 second. This granularity
our frame based management scheme, because t
for a frame is about tens of milliseconds. We m
so that it could update its readings every 10 ms. 
We utilize Intel Enhanced SpeedStep [2] techno
frequency level. Similar to temperature readings
provides the cpufreq driver for users to read
operating frequency. Processors equipped with D
have an interface under /sys/devices/system/cp
directory (X is the index of each core). It has bee
that the overhead for each frequency adjustmen
therefore the overhead for DVFS at every frame 
To collect the performance counter readings, we
3.9 hardware monitoring tool [4]. Two ev
monitored in our program, i.e. the instruction 
cache miss event. The monitoring is trigger at
frame.  
We choose the MPEG-4 decoder from 
benchmark [1] as our application. Please note 
method can be readily applied to other multim
such as MPEG-2 decoder, H.264 decoder etc, b
similar characteristics. We apply MPEG-4 dec
clips extracted from recent movies of different g
action, animation.  
We compare our reinforcement learning base
management policy with the Phase-Aware 
management policy proposed in [5]. In Pha
performance counter values are collected every 
readings are classified into different phases. B
temperature prediction model, the max freq
guaranteed to be thermal safe under current phas
It is important to point out the effectiveness of
DTM heavily relies on the accuracy of the temp
model. We also compare our policy with two s
the entire application at 1.63 GHz and 1.87 GHz 
without any dynamic thermal management. 
4.2 Results Analysis 
In the first set of experiments, we compare t
thermal violations among our reinforcement
policy, Phase-Aware policy, and two single ope
and the results are shown in Figure 4 and Tabl
violation is defined as the percentage of time t
temperature is above the given threshold. We us
base line frequency and set the peak tempe
frequency as the thermal threshold. The reaso
floating temperature threshold instead of a f
threshold is to cancel the impact of the amb
which cannot be controlled by us. Using the nex
level frequency could reduce the run time signif
without any thermal management, it also incu
violations. The average thermal violation for 1.8
On the other hand, learning based policy

essor supports 8 
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he coretemp driver 
nder /sys/devices/ 
of each core), and 
e file temp1_input 
dates temperature 
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s, the Linux kernel 
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DVFS ability will 
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en reported in [15] 
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is under 2%.  
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retired event and 
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media applications, 
because they have 
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genres, e.g. drama, 

ed DVFS thermal 
dynamic thermal 
ase-Aware DTM, 
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and 7.53% over the 1.63 GHz policy a
while only incurs 2.38% and 1.9%
respectively. And compared to the 1.8
Learning policy reduces thermal vi
maintaining the similar run time. Th
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Figure 6 shows the percentage of time that Lea
Aware policies run at each frequency. As sho
learning policy was able to run at the highest fr
than half the time, while the Phase-Aware 
conservative and runs at the second highest freq
the time. 

Figure 6 Percentage of time of each frequen
and Phase-Aware policy 

Figure 7 Trade-off between run time and ther
Our Learning policy is very flexible. We can 
performance-thermal violation trade-offs by
parameters in the reward function. In the
experiments, we vary the thermal violation p
reward function from 500, 1000 ~ 10000 by a 
obtained a set of trade-off points which are sh
When the thermal violation penalty is small, th
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penalty is large, the learned control policy t
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property could be useful when the reliability i
resource that can be used to trade for performanc

Table III Comparison of different state re
Clip # State Rep. Inst + $ Inst only Impr. (%

Clip 1 Violations (%) 3.80 4.65 0.85 
Run time (Sec) 40.70 42.61 4.71 

Clip 2 Violations (%) 4.90 5.16 0.26 
Run time (Sec) 41.02 40.90 -0.28 

Clip 3 Violations (%) 5.24 6.30 1.06 
Run time (Sec) 42.81 44.79 4.63 

Clip 4 Violations (%) 3.66 5.90 2.24 
Run time (Sec) 45.32 47.40 4.60 

Clip 5 Violations (%) 2.53 2.99 0.46 
Run time (Sec) 37.35 39.38 5.45 

In the last set of experiments, we tested the im
environment state representations to our lear
tested three kinds of state representations: retired
cache misses, retired instructions only and cache
applied the same Q-learning algorithm u
representations and compared the run time and t
Table III shows that combining these two variab
result in optimum performance. Compared to sy
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rning policy. We 
d instructions with 
e misses only. We 
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5. CONCLUSIONS 
In this paper, we proposed reinforcem
thermal management method for mu
agent learns the workload pattern of th
performance counter readings, and
operating frequency at the beginning 
the performance while ensuring therm
our learning based DTM policy on a pe
it using real application. Our exper
performance improvement with only m
compare to a thermal management 
workload phase detection. 
6. REFERENCES 
[1] MediaBench: http://euler.slu.edu/~frit
[2] “Enhanced Intel SpeedStep® Techn

http://www.intel.com/cd/channel/resel
[3] AMDPowerNow:http://www.amd.com

wer-management/Pages/power-manag
[4] Perfmon2: http://perfmon2.sourceforg
[5] R. Cochran and S. Reda, “Consisten

and Control Through Workload Phas
Automation Conference, June 2010. 

[6] A. Coskun, T. Rosing and K. Gr
efficient thermal management in m
Trans. Comput.-Aided Design Integr. 
pp 1503-1516, Oct. 2009. 

[7] R. Jayaseelan, T. Mitra, “Dynami
Architectural Adaption”, In Proc. D
pp 484-489, Jul. 2009. 

[8] H. Jung, P. Rong and M. Pedram
Thermally-Managed Multi-Core Syste

[9] E. Pakbaznia, M. Ghasemazar, and M
Dynamic Resource Provisioning in a 
In Proc. of Design Automation and Te

[10] K. Skadron, M. Stan, K. Sankaranaray
and D. Tarjan, “Temperature-Aware
and Implementation,” ACM Trans.
Optimization, Vol. 1 Issue 1, pages 94

[11] J. Srinivasan and S. Adve, “Predictive
for multimedia applications,” In Proc.

[12] R. Sutton and A. Barto, “Reinforceme
MIT Press, Mar. 1998. 

[13] Y. Tan, W. Liu and Q. Qiu, “Adapt
Reinforcement Learning,” In Proc.  IC

[14] P. Tan, M. Steinbach, V. Kumar, “I
Addison-Wesley, May. 2005. 

[15] Y. Wang, K. Ma and X. Wang, “T
control for chip multiprocessors with
Proc. ISCA, 2009, pp. 314-324. 

[16] I. Yeo, E. Kim, “Hybrid Dynamic T
Statistical Characteristics of Multim
ISLPED, Aug. 2008. 

[17] S. Zhang and K. Chatha, “Therma
embedded processors,” In Proc. DAC,

 

1.87 2.13

49

oints

n average, it reduces the run 
y and also has 0.974% and 

ectively. The results indicate 
ore information about the 

two variables, and hence 

ment learning based dynamic 
ultimedia applications. The 
he application based on the 

d adjusts the processor’s 
of each frame to optimize 

mal safety. We implemented 
ersonal computer and tested 
rimental results show big 
marginal thermal violations 
policy that also based on 

ts/mediabench/ 
nology - How To Document”, 
ller/asmo-na/eng/203838.htm 
m/us/products/technologies/po
gement.aspx 
ge.net/pfmon_usersguide.html 
nt Runtime Thermal Prediction 
se Detection,” In Proc. Design 

oss, “Utilizing predictors for 
multiprocessor SoCs,” In IEEE 

Circuits Syst., vol. 28, no. 10, 

ic Thermal Management via 
Design Automation Conference, 

m, “Stochastic Modeling of a 
em,” In Proc. DAC, June 2008. 

M. Pedram,“Temperature Aware 
Power Optimized Datacenter,” 

est in Europe, Mar. 2010. 
yanan, W. Huang, S. Velusamy 
e Microarchitecture: Modeling 
 on Architecture and Code 

4-125,Mar. 2004. 
e dynamic thermal management 
 ICS, 2003  

ent Learning: An Introduction”, 

tive Power Management Using 
CCAD, Nov. 2009. 
Introduction to Data Mining”, 

Temperature-constrained power 
h online model estimation,” In 

hermal Management Based on 
media Applications,” In Proc. 

al aware task sequencing on 
, June 2010. 

100

6.2



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.6
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /CMB10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /CMBX10
    /CMBX12
    /CMBX5
    /CMBX6
    /CMBX7
    /CMBX8
    /CMBX9
    /CMBXSL10
    /CMBXTI10
    /CMCSC10
    /CMCSC8
    /CMCSC9
    /CMDUNH10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /CMFF10
    /CMFI10
    /CMFIB8
    /CMINCH
    /CMITT10
    /CMMI10
    /CMMI12
    /CMMI5
    /CMMI6
    /CMMI7
    /CMMI8
    /CMMI9
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /CMR10
    /CMR12
    /CMR17
    /CMR5
    /CMR6
    /CMR7
    /CMR8
    /CMR9
    /CMSL10
    /CMSL12
    /CMSL8
    /CMSL9
    /CMSLTT10
    /CMSS10
    /CMSS12
    /CMSS17
    /CMSS8
    /CMSS9
    /CMSSBX10
    /CMSSDC10
    /CMSSI10
    /CMSSI12
    /CMSSI17
    /CMSSI8
    /CMSSI9
    /CMSSQ8
    /CMSSQI8
    /CMSY10
    /CMSY5
    /CMSY6
    /CMSY7
    /CMSY8
    /CMSY9
    /CMTCSC10
    /CMTEX10
    /CMTEX8
    /CMTEX9
    /CMTI10
    /CMTI12
    /CMTI7
    /CMTI8
    /CMTI9
    /CMTT10
    /CMTT12
    /CMTT8
    /CMTT9
    /CMU10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


